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Abstract: Aircraft maneuver recognition is an important basis for flight action evaluation, flight load spectrum re-
search, flight simulation and other research work. Aiming at overcoming the disadvantage that most of the existing
maneuvers are based on the existing standard actions, combined with the important points of the time sequence, an
adaptive maneuver recognition method based on horizontal and vertical plane flight trajectory projection merging is
proposed. This method extracts the maneuvers in the flight data according to the trend of the two—-dimensional plane
trajectory data and combines and refines the maneuvers with the idea of maneuvers splicing. A maneuver recogni-
tion case study is carried out with complete aircraft takeoff and landing data. The results show that the proposed
method can enhance the recognition efficiency of flight maneuvers, and improve the division efficiency.
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Fig. 5 Division and combination of flight maneuvers
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Table 1 Parameter setting of horizontal trend identification
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Fig. 6 Horizontal trend identification results
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Table 3 A combination of flight maneuvers
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Table 4 A summary of flight maneuver division
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Fig. 8 An example of flight maneuver division
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Table 5 A comparison of flight maneuver identification
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Table 6 Accuracy of flight maneuver recognition
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